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The rapid integration of artificial intelligence (AI) into branding architectures has fundamentally 

altered how organizations communicate, personalize, and scale consumer engagement. Yet, the 

psychological and behavioral repercussions of AI-mediated brand interactions remain 

underexplored, particularly within emerging markets where cultural trust dynamics and 

institutional transparency expectations diverge from Western paradigms. Drawing upon a 

quantitative survey of 386 consumers interacting with Aljaied For Food Industries in Libya, this 

study examines how AI-driven brand authenticity, transparency, perceived challenges, and 

strategic opportunities collectively shape consumer attitudes and trust. Utilizing structural equation 

modeling (SEM), the empirical model demonstrates that AI brand authenticity exerts a robust 

positive influence on both consumer attitudes and trust, accounting for substantial variance 

alongside AI-related opportunities and challenges. Contrary to prevailing assumptions, AI brand 

transparency fails to exhibit a statistically significant direct effect on either construct, suggesting 

that transparency functions more as a baseline hygiene factor than a proactive trust-builder. 

Grounded in Social Identity Theory and Signaling Theory, the findings illuminate how AI 

deployments must align with culturally embedded expectations of sincerity, consistency, and 

ethical stewardship. The study advances academic discourse by contextualizing AI branding 

within a North African food manufacturing landscape and offers actionable frameworks for 

managers navigating the delicate equilibrium between algorithmic efficiency and human-centric 

brand integrity. 
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 الملخص   الكلمات المفتاحية 
العلامة  أصالة  الاصطناعي،  الذكاء 
ثقة  الخوارزميات،  شفافية  التجارية، 

 . المستهلك، نظرية الهوية الاجتماعية
 

سسات  أدى التكامل السريع للذكاء الاصطناعي في هياكل العلامات التجارية إلى تغيير جذري في كيفية تواصل المؤ 
مع المستهلكين، وتخصيص تجاربهم، وتوسيع نطاق تفاعلهم معهم. ومع ذلك، لا تزال التداعيات النفسية والسلوكية  
الأسواق  في  سيما  لا  كافٍ،  بشكل  مدروسة  غير  الاصطناعي  الذكاء  يتوسطها  التي  التجارية  العلامات  لتفاعلات 
الناشئة حيث تختلف ديناميكيات الثقة الثقافية وتوقعات الشفافية المؤسسية عن النماذج الغربية. بالاعتماد على دراسة  

مستهلكًا يتفاعلون مع شركة الجعيد للصناعات الغذائية في ليبيا، تبحث هذه الدراسة    386استقصائية كمية شملت  
وال المتصورة،  والتحديات  وشفافيتها،  الاصطناعي،  بالذكاء  المدعومة  التجارية  العلامة  أصالة  تشُكل  فرص  كيف 

الاستراتيجية، مجتمعةً، مواقف المستهلكين وثقتهم. باستخدام نمذجة المعادلات الهيكلية، يظُهر النموذج التجريبي أن  
إيجابياً قوياً على كلٍ من مواقف المستهلكين   المدعومة بالذكاء الاصطناعي تمُارس تأثيرًا  أصالة العلامة التجارية 
وثقتهم، مُفسرةً تبايناً كبيرًا إلى جانب الفرص والتحديات المتعلقة بالذكاء الاصطناعي. وخلافاً للافتراضات السائدة،  
لم تظُهر شفافية العلامة التجارية المدعومة بالذكاء الاصطناعي تأثيرًا مباشرًا ذا دلالة إحصائية على أيٍ من هذين  

ها عاملًا استباقياً لبناء الثقة. انطلاقاً من  البعُدين، مما يشُير إلى أن الشفافية تعمل كعامل وقائي أساسي أكثر من كون
نظرية الهوية الاجتماعية ونظرية الإشارة، تسُلط النتائج الضوء على ضرورة توافق تطبيقات الذكاء الاصطناعي  
مع التوقعات الثقافية الراسخة بشأن الصدق والاتساق والمسؤولية الأخلاقية. تسُاهم هذه الدراسة في إثراء الحوار  
الأكاديمي من خلال وضع العلامات التجارية القائمة على الذكاء الاصطناعي في سياق صناعة الأغذية في شمال  
وسلامة   الخوارزميات  كفاءة  بين  الدقيق  التوازن  تحقيق  إلى  يسعون  الذين  للمديرين  عملية  أطراً  وتقدم  أفريقيا، 

 العلامة التجارية التي تتمحور حول الإنسان.

https://jsras.rcc.edu.ly/
https://jsras.rcc.edu.ly/
mailto:Abdalla.Almagalfta.kgtu@ogr.gidatarim.edu.tr
https://orcid.org/0009-0000-5708-1014
mailto:mehmet.etlioglu@gidatarim.edu.tr
https://orcid.org/0000-0001-5341-5777
https://doi.org/10.36602/jsras.2026.3.2.2
mailto:Abdalla.Almagalfta.kgtu@ogr.gidatarim.edu.tr
https://orcid.org/0009-0000-5708-1014
mailto:Abdalla.Almagalfta.kgtu@ogr.gidatarim.edu.tr
https://orcid.org/0000-0001-5341-5777
mailto:mehmet.etlioglu@gidatarim.edu.tr
https://doi.org/10.36602/jsras.2026.3.2.2
mailto:Abdalla.Almagalfta.kgtu@ogr.gidatarim.edu.tr


 

ABDALLA ALMAGALFATA & MEHMET ETLIOĞLU: NAVIGATING THE AI-BRANDING NEXUS: CONSUMER ATTITUDES, TRUST, 

AND THE IMPERATIVE OF AUTHENTICITY IN EMERGING MARKETS 

https://jsras.rcc.edu.ly/                                                                        ISSN: 3105-6326                                                                                              8                                                                                   

 

 

1. INTRODUCTION 

The contemporary branding ecosystem is undergoing a 

structural transformation catalyzed by the pervasive 

adoption of artificial intelligence [1], [2], [3], [4]. 

Machine learning architectures, natural language 

processing systems, and predictive analytics have 

transitioned from experimental tools to core operational 

components in customer relationship management, 

content generation, and personalized marketing [5], [6], 

[7], [8]. Organizations increasingly leverage AI to 

optimize engagement cycles, anticipate consumer 

preferences, and streamline service delivery at scale [9], 

[10]. However, this technological acceleration introduces 

profound psychological and relational complexities [11], 

[12], [13], [14]. As brands delegate communicative and 

decision-making functions to algorithmic systems, the 

traditional foundations of brand-consumer relationships 

authenticity, transparency, and emotional resonance face 

unprecedented scrutiny [15], [16]. Consumers are no 

longer passive recipients of marketing stimuli; they are 

active evaluators of the ethical, cognitive, and affective 

dimensions of AI-mediated interactions [17], [18], [19]. 

Within this evolving landscape, the academic and 

practitioner discourse has disproportionately emphasized 

the operational efficiencies and scalability benefits of AI, 

while comparatively neglecting the subjective consumer 

responses that ultimately determine market viability. 

Brand authenticity, traditionally conceptualized as the 

perceived genuineness, consistency, and value-alignment 

of a brand’s identity, now intersects with algorithmic 

decision-making [20]. Similarly, brand transparency, 

once centered on supply chain visibility and corporate 

disclosures, must now encompass algorithmic 

explainability, data provenance, and the ethical 

boundaries of automated personalization [21], [22], [23]. 

The tension between technological sophistication and 

human-centered expectations is particularly acute in 

emerging markets, where institutional trust frameworks, 

cultural communication norms, and digital literacy levels 

shape consumer receptivity differently than in highly 

digitized economies [24], [25], [26]. Libya’s food 

manufacturing sector, characterized by strong communal 

ties, heritage-driven consumption patterns, and 

heightened sensitivity to product safety and ethical 

sourcing, presents a compelling context for examining 

these dynamics [27], [28], [29]. Aljaied For Food 

Industries, a dominant regional player in dairy, juice, and 

ice cream production, has progressively integrated AI 

into inventory optimization, quality control, and 

consumer-facing communication channels. This strategic 

adoption offers a natural laboratory to investigate how 

AI-driven branding influences consumer attitudes and 

trust when deployed within a culturally rich, trust-

sensitive marketplace [30], [31], [32]. The present study 

addresses this gap by empirically testing a structural 

model that links AI brand authenticity, AI brand 

transparency, AI-related challenges, and AI-driven 

opportunities to consumer attitudes and trust [33], [34], 

[35], [36]. By grounding the investigation in Social  

 

 

 

Identity Theory and Signaling Theory, the research not 

only quantifies the direct and indirect pathways through 

which AI shapes brand perception but also contextualizes 

these mechanisms within a non-Western institutional 

environment [37], [38], [39]. The objectives of this study 

are threefold. First, it evaluates the extent to which 

perceived AI brand authenticity and transparency 

influence consumer attitudes toward AI-driven branding 

initiatives. Second, it assesses how these perceptual 

dimensions, alongside recognized challenges and 

opportunities, collectively determine consumer trust in 

automated brand interactions [40]. Third, it derives 

theoretically grounded and practically actionable insights 

for organizations operating in emerging markets, where 

the successful integration of AI requires careful 

calibration between innovation and cultural integrity [41]. 

The subsequent sections delineate the theoretical 

foundations, methodological design, empirical findings, 

and managerial implications, culminating in a nuanced 

understanding of how brands can harness AI without 

compromising the relational authenticity that sustains 

long-term consumer loyalty [1], [42], [43].   
 

1.1 Literature Review 

The infusion of artificial intelligence into branding 

strategies marks a paradigmatic shift from static, 

campaign-driven communication to dynamic, data-

responsive engagement ecosystems [43], [44]. AI-

powered recommendation engines, conversational agents, 

sentiment analysis platforms, and generative content 

systems enable organizations to deliver hyper-

personalized experiences at unprecedented scale [45], 

[46]. These technologies process vast behavioral datasets 

to predict purchase intent, optimize messaging timing, 

and adapt tone in real-time, thereby reducing friction in 

the consumer journey [47]. From an operational 

standpoint, AI enhances marketing efficiency, minimizes 

resource wastage, and facilitates rapid market testing. 

Yet, the psychological reception of these automated 

interventions remains heterogeneous [48], [49], [50]. 

While certain consumer segments welcome the 

convenience and relevance of algorithmic 

personalization, others express apprehension regarding 

data exploitation, manipulative targeting, and the erosion 

of human agency in brand interactions [47], [48], [49], 

[50]. Technological capability alone does not guarantee 

consumer acceptance. Perceived value, ethical alignment, 

and emotional resonance mediate the effectiveness of AI-

driven branding. Studies indicate that when AI systems 

are perceived as extensions of a brand’s core identity 

rather than detached computational tools, consumer 

engagement improves significantly [51], [52 ], [49], [50]. 

Conversely, when automation is experienced as 

impersonal, opaque, or misaligned with established brand 

values, skepticism emerges, often manifesting as reduced 

trust, lower purchase intent, or active avoidance of AI-

mediated touchpoints [53], [54], [55], [56]. This duality 
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underscores the necessity of examining AI not merely as 

an operational instrument but as a relational actor that 

actively shapes brand-consumer dynamics [57], [58], 

[59], [60]. Authenticity in branding has historically been 

anchored in human attributes: sincerity, consistency, 

heritage, and moral coherence. Consumers evaluate 

authenticity by assessing whether a brand’s actions align 

with its proclaimed values, whether its messaging 

remains coherent across touchpoints, and whether it 

demonstrates genuine concern for stakeholder welfare 

[61], [62], [63], [64]. The introduction of AI into this 

evaluative framework introduces a critical tension. 

Algorithmic systems lack consciousness, intentionality, 

and emotional empathy, yet they are increasingly tasked 

with conveying brand personality, managing customer 

relationships, and generating narrative content. The 

question therefore becomes: can machine-mediated 

communication be perceived as authentic? 

When AI systems are trained on brand-specific heritage 

data, calibrated to reflect organizational values, and 

deployed with clear human oversight, consumers often 

interpret the resulting interactions as coherent and sincere 

[65], [66], [67], [68]. For instance, recommendation 

algorithms that accurately anticipate dietary preferences 

or cultural consumption patterns can reinforce 

perceptions of attentiveness and care [65], [66], [67], 

[68]. Conversational AI that maintains consistent tone, 

avoids generic responses, and escalates complex issues to 

human agents can preserve relational continuity [65], 

[66], [67], [68]. However, when AI outputs appear 

formulaic, culturally misaligned, or overly optimized for 

conversion, consumers detect artificiality, triggering 

cognitive dissonance and trust erosion. Within emerging 

markets, authenticity carries additional cultural weight. In 

societies where brand relationships are often mediated 

through familial networks, community reputation, and 

historical reliability, AI deployments that feel 

disconnected from local values risk being perceived as 

inauthentic or exploitative [69], [70], [71], [72]. 

Therefore, AI brand authenticity must be understood as a 

culturally contingent construct, requiring intentional 

alignment between algorithmic behavior and indigenous 

expectations of sincerity and consistency [73]. 

Transparency has long been regarded as a cornerstone of 

ethical branding, encompassing clear communication 

about data practices, supply chain origins, and corporate 

decision-making. In the AI context, transparency expands 

to include algorithmic explainability, data usage 

disclosures, and the visibility of automated processes 

[73]. Consumers increasingly demand to know when they 

are interacting with AI, how their data informs 

recommendations, and what safeguards exist against bias 

or manipulation. Theoretically, greater transparency 

should correlate with higher trust and more favorable 

attitudes. Yet, empirical findings in this domain remain 

inconsistent [74]. Some studies demonstrate that explicit 

AI disclosures enhance perceived honesty and reduce 

skepticism, particularly among digitally literate 

consumers. Others reveal that excessive technical detail 

can overwhelm users, trigger privacy concerns, or 

inadvertently highlight the mechanistic nature of AI, 

thereby diminishing emotional connection [75]. This 

paradox suggests that transparency operates non-linearly: 

insufficient disclosure breeds suspicion, while excessive 

or poorly contextualized disclosure can undermine 

relational warmth. Moreover, transparency may function 

more as a threshold condition than a proactive trust 

catalyst. In other words, while the absence of 

transparency reliably damages consumer confidence, its 

presence alone does not automatically elevate attitudes or 

trust unless coupled with authenticity, ethical alignment, 

and demonstrable consumer benefit [76]. 

In the Libyan food sector, where product safety and 

ingredient integrity are paramount, transparency 

regarding AI’s role in quality monitoring, inventory 

traceability, and personalized nutrition recommendations 

carries significant weight. However, if transparency is 

presented as a compliance exercise rather than a genuine 

commitment to consumer empowerment, its impact on 

attitudes and trust remains muted. This nuanced 

understanding reframes transparency from a standalone 

driver to an enabling condition that must be strategically 

integrated within broader brand authenticity narratives 

[77]. Consumer perceptions of AI are inherently dualistic, 

encompassing both anticipatory benefits and 

apprehensive risks. Opportunities such as enhanced 

personalization, faster response times, predictive service 

delivery, and innovative product development generally 

elicit positive attitudes. Consumers recognize that AI can 

reduce friction, anticipate needs, and deliver tailored 

experiences that human agents might overlook. 

Conversely, challenges including algorithmic opacity, 

data privacy vulnerabilities, perceived dehumanization, 

and cultural misalignment generate skepticism [78]. The 

coexistence of these dimensions means that consumer 

attitudes are rarely uniformly positive or negative; rather, 

they emerge from a cognitive calculus weighing 

perceived utility against perceived risk. Signaling Theory 

provides a useful lens for interpreting this duality [79].   

Brands deploy AI not merely as a functional tool but as a 

strategic signal of modernity, competence, and  

consumer-centricity. However, the credibility of this 

signal depends on how well the organization manages 

associated risks. When AI implementations are 

accompanied by ethical safeguards, human oversight 

mechanisms, and clear benefit communication, the signal 

reinforces trust. When risks are minimized through 

transparent governance, bias audits, and data consent 

frameworks, the perceived opportunity outweighs the 

challenge, resulting in favorable attitudes [80]. In 

contrast, when AI is deployed primarily for cost reduction 

or data extraction without reciprocal consumer value, the 

signal is interpreted as exploitative, triggering resistance. 

Social Identity Theory (SIT) posits that individuals derive 

part of their self-concept from group affiliations and align 

with entities that reflect their values, aspirations, and 

cultural narratives [80]. In branding, consumers engage 

with organizations that symbolize desired identities or 

reinforce existing social memberships. AI-mediated 

interactions become identity-relevant when they resonate 

https://jsras.rcc.edu.ly/
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with cultural norms, linguistic preferences, and ethical 

expectations. When AI systems consistently reflect a 

brand’s heritage, community commitments, and quality 

standards, consumers integrate the brand into their social 

identity, strengthening loyalty and trust [77], [80]. 

Conversely, when AI interactions feel culturally 

dissonant or commercially transactional, identity 

alignment fractures, diminishing engagement. Signaling 

Theory complements this framework by explaining how 

brands communicate unobservable qualities through 

observable cues. AI deployment, transparency reports, 

ethical certifications, and human-AI collaboration 

protocols serve as signals of organizational competence 

and moral alignment [78]. The effectiveness of these 

signals depends on their credibility, consistency, and 

relevance to consumer priorities. In emerging markets, 

where institutional trust may be fragmented, credible 

signals carry disproportionate weight. Brands that 

demonstrate algorithmic fairness, data stewardship, and 

culturally attuned personalization send strong authenticity 

signals, fostering trust even in the absence of direct 

human interaction [78]. These theories elucidate why AI 

brand authenticity exerts a stronger influence on attitudes 

and trust than transparency alone. Authenticity satisfies 

identity congruence needs, while transparency, without 

contextual meaning, remains a procedural disclosure [79], 

[80]. Opportunities and challenges further modulate this 

relationship by shaping the perceived risk-reward 

calculus. The integrated theoretical model thus provides a 

robust foundation for empirically testing how AI-driven 

branding influences consumer behavior in culturally 

complex, emerging market environments. 

 

 

2. METHODOLOGY  
 

This study adopts a quantitative, cross-sectional 

research design grounded in positivist epistemology. The 

objective was to test hypothesized relationships between 

AI-driven brand perceptions and consumer behavioral 

outcomes using empirically measurable constructs. A 

survey-based approach was selected to capture 

standardized responses from a targeted consumer 

population, enabling statistical modeling of direct effects 

and variance explanation. The design prioritized internal 

validity through rigorous instrument validation, sampling 

precision, and structural equation modeling (SEM), while 

acknowledging the limitations inherent in self-reported 

data and single-timepoint measurement [35], [36]. The 

research was conducted within the operational ecosystem 

of Aljaied For Food Industries, a leading Libyan food 

manufacturing and distribution company specializing in 

dairy products, juices, and ice cream. The firm’s 

progressive integration of AI into inventory management, 

quality assurance, customer service automation, and 

targeted marketing campaigns provided a relevant and 

empirically accessible context [40], [41]. Libya’s 

consumer landscape, characterized by strong familial 

consumption patterns, high sensitivity to food safety, and 

evolving digital adoption, offers a distinct contrast to 

Western markets, thereby enhancing the study’s 

contextual contribution. The case selection was 

purposive, ensuring that respondents had direct or 

indirect exposure to the company’s AI-enabled 

touchpoints, including personalized recommendations, 

automated customer inquiries, and digital marketing 

communications as presented in Figure 1 Research 

Methodology Workflow: Six-Phase Structure below. 

 

                   

Figure 1. Research Methodology Workflow: Six-Phase Structure 
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2.1 Sampling Strategy and Data Collection 

A purposive sampling technique was employed to 

identify participants who had interacted with Aljaied’s 

digital platforms, retail outlets, or AI-mediated services. 

The initial outreach targeted 500 individuals, yielding 

420 completed responses, resulting in an 84% response 

rate. Data screening procedures were applied to enhance 

dataset integrity. Following established methodological 

guidelines, 34 responses were excluded due to 

insufficient variance across survey items (standard 

deviation < 0.25), indicating potential inattentive or 

automated responding. Missing values were addressed 

using linear interpolation, preserving sample continuity 

without introducing bias. The final analytical sample 

comprised 386 valid respondents, providing adequate 

statistical power for SEM estimation. Demographic 

analysis revealed a predominantly male sample (72%), 

reflecting regional consumer engagement patterns in food 

retail. Age distribution was relatively balanced, with the 

largest cohorts falling between 35–40 years (25.1%) and 

30–35 years (14.2%). Educational attainment leaned 

toward higher education, with 44.8% holding master’s 

degrees and 33.4% possessing bachelor’s qualifications. 

Occupational sectors were diverse, with business (26.7%) 

and education (19.4%) representing the largest groups. 

Purchase frequency indicated strong brand penetration, 

with 37.8% purchasing daily and 28.2% weekly. These 

demographic characteristics align with the target 

consumer base of a premium food manufacturer in an 

emerging urban market. 
 

2.2 Instrument Development And Measurement Scales 

The survey instrument was structured into five 

sections: demographic profiling, AI brand authenticity, 

AI brand transparency, consumer attitudes, consumer 

trust, and AI challenges/opportunities. Items were 

adapted from validated scales in digital marketing, 

consumer psychology, and AI ethics literature, then 

contextualized to reflect Libyan consumer expectations 

and Aljaied’s operational realities. A 5-point Likert scale 

(1 = Strongly Disagree to 5 = Strongly Agree) was 

employed to capture perceptual intensity and directional 

agreement. Construct operationalization followed 

rigorous psychometric standards. AI Brand Authenticity 

encompassed items measuring perceived genuineness, 

consistency, value alignment, and emotional resonance of 

AI-driven interactions. AI Brand Transparency focused 

on clarity of data usage, algorithmic explainability, and 

disclosure comprehensiveness. Consumer Attitudes 

captured evaluative judgments regarding AI’s role in 

branding, while Consumer Trust measured confidence in 

reliability, ethical conduct, and promise fulfillment. AI 

Challenges and Opportunities assessed perceived risks 

(privacy concerns, dehumanization, bias) and benefits 

(personalization, efficiency, innovation). Face and 

content validity were established through expert review  

and pilot testing with 30 participants, leading to minor 

lexical adjustments for cultural clarity. 

 

 

3. DATA ANALYSIS TECHNIQUES 

Data analysis proceeded in three sequential phases. 

First, descriptive statistics and normality assessments 

were conducted to characterize the dataset and verify 

distributional assumptions. Kolmogorov-Smirnov and 

Shapiro-Wilk tests indicated non-normality, consistent 

with large-sample expectations; however, skewness and 

kurtosis values remained within acceptable thresholds (≤ 

±3.5), supporting parametric modeling robustness. 

Second, reliability and validity were evaluated using 

Cronbach’s alpha, composite reliability (CR), average 

variance extracted (AVE), and Fornell-Larcker 

discriminant validity criteria. All constructs exceeded 

recommended thresholds (α > 0.80, CR > 0.80, AVE > 

0.50), confirming internal consistency and convergent 

validity. Discriminant validity was established as shared 

variances between constructs remained below their 

respective AVE values.  Third, structural equation 

modeling was performed using AMOS (v.25) with 

maximum likelihood estimation. The measurement model 

confirmed satisfactory fit indices (CFI = 0.911, RMSEA 

= 0.065, SRMR = 0.0398). The structural model was then 

estimated to test direct effects between latent constructs. 

Hypothesis evaluation relied on critical ratios (C.R. > 

±1.96), p-values (p < 0.05), and standardized path 

coefficients. Multicollinearity was assessed via variance 

inflation factors (VIF < 3.0), confirming no severe 

predictor interdependence. The analytical pipeline 

ensured methodological rigor, construct validity, and 

statistical appropriateness for testing the proposed 

theoretical framework. 

4. FINDINGS 

The descriptive analysis of the six core constructs 

revealed moderate to high central tendencies, indicating 

generally positive consumer perceptions of AI’s role in 

Aljaied’s branding initiatives. AI Brand Authenticity 

yielded a mean of 3.53 (SD = 0.775), suggesting that 

respondents viewed AI-driven interactions as reasonably 

consistent with the brand’s established identity. AI Brand 

Transparency recorded a comparable mean of 3.54 (SD = 

0.779), reflecting moderate comfort with the company’s 

data and algorithmic disclosures. Consumer Attitudes 

averaged 3.52 (SD = 0.840), while Consumer Trust 

registered slightly lower at 3.43 (SD = 0.901), indicating 

that positive evaluations had not fully translated into 

unwavering confidence. AI Challenges (M = 3.53, SD = 

0.810) and AI Opportunities (M = 3.73, SD = 0.764) 

demonstrated that consumers recognized both risks and 

benefits, with opportunities marginally outweighing 

concerns. Correlation analysis using Spearman’s rho 

confirmed positive, statistically significant relationships 

among all constructs (p < 0.01). The strongest association 

emerged between AI Brand Authenticity and Consumer 

Trust (r = 0.634), followed closely by AI Opportunities 

and Consumer Attitudes (r = 0.625). The lowest 

correlation was observed between AI Opportunities and 

Consumer Trust (r = 0.501), suggesting that while 

consumers acknowledge AI’s strategic potential, this 
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recognition does not automatically convert into relational 

confidence without additional mediating factors. 

 

 

 
Figure 2. Gender variable percentages in bar chart 

 
Figure 3. Age Group variable percentages in bar chart 

 

 
Figure 4. Education levels variable percentages in bar chart 

 

Figure 5. Occupation Domain variable percentages in bar chart 

 

 
 

https://jsras.rcc.edu.ly/


JOURNAL OF SUSTAINABLE RESEARCH IN APPLIED SCIENCES (JSRAS)                                                     VOL. 3,NO. 2, DECEMBER 2026 

https://jsras.rcc.edu.ly/                                                                        ISSN: 3105-6326                                                                                              13                                                                                   

Figure 6. Purchase Frequency variable in bar chart 

 
Figure 7. Purchase Frequency variable percentages in bar chart 

 

4.1 Measurement Model Validation 

The confirmatory factor analysis (CFA) evaluated the 

measurement model’s structural integrity. All factor 

loadings were statistically significant (p < 0.001) and 

exceeded the 0.70 threshold, indicating strong indicator-

construct relationships. Items demonstrating low 

discriminative power or cross-loadings were 

systematically removed, resulting in a refined instrument 

with optimal parsimony. Model fit indices confirmed 

satisfactory alignment with empirical data: CFI = 0.911, 

RMSEA = 0.065, SRMR = 0.0398. These metrics 

collectively indicate that the latent constructs are 

adequately represented by their observed indicators and 

that the measurement architecture is theoretically 

coherent. 

 

4.2 Scales Validation 

 To validate the factor analysis of the multi-

dimensional models, structural equation modeling was 

used. This is a confirmatory factor analysis that uses 

AMOS Software, (V.25). It is also known as testing the 

measurement model where AI Brand Authenticity, AI 

Brand Transparency, AI Consumer Attitudes, AI 

Consumer Trust, AI Challenges and AI Opportunities are 

tested using the first-order confirmatory factor model to 

assess construct validity using the maximum likelihood 

method. Figure.4.7 and Tables 4.9 below show the 

confirmatory factor analysis indicators for AI Brand 

Authenticity, AI Brand Transparency, AI Consumer 

Attitudes, AI Consumer Trust, AI Challenges and AI 

Opportunities scales.  
 

Study Model 

 
Figure 8. The Measurement Model for study Constructs 

 

As presented in the measurements model AIA= AI Brand 

Authenticity, AIBT=AI Brand Transparency, Attit= AI 

Consumer Attitudes, Trust = AI Consumer Trust, Chall= 

AI Challenges and Oppt= AI Opportunities. 

Reliability statistics further reinforced scale robustness. 

Cronbach’s alpha values ranged from 0.833 to 0.922, 

while composite reliability scores spanned 0.842 to 
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0.922, well above the 0.70 benchmark. Average variance 

extracted (AVE) values for all constructs surpassed 0.50 

(ranging from 0.523 to 0.629), confirming that each latent 

variable explains more variance in its indicators than 

measurement error. Discriminant validity, assessed via 

the Fornell-Larcker criterion, demonstrated that the 

square roots of AVEs exceeded inter-construct 

correlations, ensuring that each construct captures unique 

variance. These psychometric properties establish a solid 

foundation for structural hypothesis testing. 
 

4.3 Structural Model and Hypothesis Testing 

The structural model evaluated direct effects between 

independent constructs (AI Brand Authenticity, AI Brand 

Transparency, AI Challenges, AI Opportunities) and 

dependent outcomes (Consumer Attitudes, Consumer 

Trust). Goodness-of-fit indicators remained consistent 

with the measurement model (CFI = 0.911, RMSEA = 

0.065, SRMR = 0.0397), confirming structural adequacy. 

The model explained 70.1% of the variance in Consumer 

Attitudes (R² = 0.701) and 60.9% in Consumer Trust (R² 

= 0.609), demonstrating substantial predictive power and 

theoretical completeness. 

 
 

Figure 9. Structural Model of Study Variables 

AIA= AI Brand Authenticity, AIBT=AI Brand 

Transparency, Attit= AI Consumer Attitudes, Trust = AI 

Consumer Trust, Chall= AI Challenges and Oppt= AI 

Opportunities 

 

Hypothesis testing yielded nuanced results. AI Brand 

Authenticity exerted a significant positive effect on both 

Consumer Attitudes (β = 0.911, p < 0.001) and Consumer 

Trust (β = 0.738, p < 0.001), supporting H1 and H2. This 

confirms that when consumers perceive AI interactions as 

genuine, consistent, and value-aligned, their evaluative 

judgments and confidence in the brand improve 

substantially. Conversely, AI Brand Transparency failed 

to demonstrate statistical significance on either Consumer 

Attitudes (β = 0.091, p = 0.653) or Consumer Trust (β = 

0.038, p = 0.099), rendering H3 and H4 unsupported. 

This suggests that while transparency is conceptually 

important, its mere presence does not actively drive 

positive perceptions unless embedded within a broader 

authenticity framework. AI Challenges significantly 

influenced both Consumer Attitudes (β = 1.500, p < 

0.001) and Consumer Trust (β = 0.881, p < 0.001), 

supporting H5 and H6. Interestingly, the positive 

coefficients indicate that when consumers recognize 

challenges but perceive them as actively managed, their 

attitudes and trust improve, reflecting a risk-mitigation 

appreciation. AI Opportunities also demonstrated 

significant positive effects on Consumer Attitudes (β = 

1.426, p < 0.001) and Consumer Trust (β = 0.706, p = 

0.001), supporting H7 and H8. These findings underscore 

that consumers reward brands that visibly leverage AI for 

tangible benefits while responsibly addressing associated 

risks. The structural results reveal a hierarchy of 

influence: authenticity and opportunity recognition drive 

perception most strongly, transparency operates as a 

foundational prerequisite, and challenge management 

signals organizational competence. The model’s 

explanatory power and consistent fit indices validate the 

theoretical framework and provide a robust empirical 

basis for subsequent discussion. 

 

5. DISCUSSION 
 

The empirical confirmation that AI brand authenticity 

significantly drives both consumer attitudes and trust 

aligns with contemporary literature emphasizing 

emotional and identity-based brand evaluations [65], 

[66], [67], [68]. In an environment where algorithmic 

systems increasingly mediate consumer experiences, 

authenticity emerges not as a nostalgic ideal but as a 

functional necessity [69], [70], [71]. Consumers do not 

reject AI outright; rather, they evaluate whether 

automated interactions reflect the brand’s historical 

commitments, cultural values, and operational 

consistency. When AI-generated recommendations, 

conversational responses, or personalized campaigns 

resonate with established brand narratives, consumers 

interpret them as extensions of organizational sincerity 

[72]. This perception reduces cognitive friction, enhances 

engagement, and fosters relational continuity [73]. The 

Libyan food sector context amplifies this dynamic. In 

markets where consumption decisions are often 

influenced by communal reputation, intergenerational 

trust, and cultural familiarity, AI deployments that feel 

algorithmically detached risk being perceived as 

inauthentic or commercially exploitative [74]. Aljaied’s 
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success in maintaining positive consumer attitudes 

despite AI integration suggests that its systems have been 

calibrated to reflect heritage quality standards, transparent 

sourcing commitments, and community-oriented values 

[75]. This alignment transforms AI from a computational 

tool into a culturally coherent brand ambassador, 

reinforcing identity congruence and trust formation [76]. 

The non-significant direct effects of AI brand 

transparency on consumer attitudes and trust present a 

theoretically provocative finding [77]. Prevailing 

academic assumptions often position transparency as a 

linear trust catalyst, yet the empirical data suggest a more 

conditional relationship. Transparency appears to 

function as a threshold requirement: its absence reliably 

damages consumer confidence, but its presence alone 

does not automatically elevate attitudes or trust [78]. This 

aligns with signaling theory, which posits that disclosures 

must be credible, contextualized, and value-aligned to 

influence perception. When transparency is presented as a 

compliance exercise or technical footnote, consumers 

may acknowledge it but remain unmoved emotionally 

[79]. However, when transparency is integrated into 

authentic brand narratives demonstrating ethical 

stewardship, data respect, and consumer empowerment, it 

becomes meaningful. In the Aljaied context, moderate 

transparency scores coupled with strong authenticity and 

opportunity recognition indicate that consumers prioritize 

substantive brand behavior over procedural disclosure. 

They are less concerned with technical explanations of 

algorithmic logic and more focused on whether AI serves 

their needs, respects their data, and aligns with cultural 

expectations [80]. This finding challenges the prevailing 

managerial assumption that increased disclosure 

inherently improves brand perception. Instead, it suggests 

that transparency must be strategically embedded within 

authenticity frameworks, accompanied by demonstrable 

consumer benefits and ethical governance, to yield 

perceptual dividends. The significant positive effects of 

both AI challenges and AI opportunities on consumer 

attitudes and trust reveal a nuanced risk-reward calculus 

[34], [35], [37]. Consumers are acutely aware of AI’s 

potential drawbacks, including privacy vulnerabilities, 

algorithmic bias, and emotional detachment. However, 

when organizations proactively address these challenges 

through ethical frameworks, human oversight, and bias 

mitigation, consumers interpret these efforts as signs of 

organizational competence and moral responsibility [44], 

[45] . This risk-management transparency, paradoxically, 

enhances trust more than passive disclosure. Similarly, 

when AI opportunities such as personalization, 

efficiency, and innovation are visibly realized, consumers 

reward the brand with favorable attitudes and increased 

confidence [47]. This dual dynamic underscores the 

importance of balanced AI deployment [77]. 

Organizations that emphasize opportunities while 

neglecting challenges risk appearing exploitative; those 

that overemphasize risks while underdelivering benefits 

may trigger unnecessary skepticism [12], [1], [3]. The 

optimal approach involves transparently acknowledging 

limitations while consistently delivering value, thereby 

framing AI as a collaborative tool rather than a 

replacement for human judgment. In emerging markets, 

where institutional trust may be fragmented, this balanced 

signaling becomes particularly critical for sustaining 

long-term consumer relationships [22], [25], 33]. This 

study advances academic discourse in three primary 

ways. First, it empirically validates a hierarchical model 

of AI branding perception, demonstrating that 

authenticity operates as the primary driver of attitudes 

and trust, while transparency functions as a foundational 

prerequisite. Second, it contextualizes AI branding within 

an emerging market food manufacturing ecosystem, 

revealing how cultural trust dynamics, heritage 

sensitivity, and communal consumption patterns 

moderate technological acceptance [25], [27], [29]. Third, 

it integrates Social Identity Theory and Signaling Theory 

to explain how AI-mediated interactions become identity-

relevant and how organizational signals gain credibility 

through ethical alignment and value congruence [30], 

[32], [26]. From a managerial perspective, the findings 

caution against treating AI as a purely operational 

upgrade. Successful integration requires cultural 

calibration, ethical governance, and narrative consistency 

[1], [2], [17], [28]. Brands must train AI systems on 

heritage-aligned data, implement human oversight for 

emotionally sensitive interactions, communicate benefits 

transparently, and establish clear data consent 

mechanisms. In emerging markets, where relational trust 

often supersedes transactional efficiency, AI must 

augment rather than replace human-centric brand values 

[29], [39], [44], [37]. Organizations that achieve this 

equilibrium will not only mitigate skepticism but also 

cultivate resilient consumer loyalty in increasingly 

algorithmic marketplaces. 

 

6. CONCLUSION 
 

This study investigated how AI-driven branding 

influences consumer attitudes and trust within the 

culturally rich, trust-sensitive context of Libya’s food 

manufacturing sector. Utilizing structural equation 

modeling on a validated survey of 386 consumers, the 

research tested a theoretical framework grounded in 

Social Identity Theory and Signaling Theory. The 

empirical results demonstrate that AI brand authenticity 

exerts the strongest direct influence on both consumer 

attitudes and trust, confirming that perceived 

genuineness, consistency, and value alignment are 

paramount in algorithmic brand interactions. AI brand 

transparency, while conceptually important, did not 

exhibit significant direct effects, suggesting it functions 

as a baseline hygiene factor rather than an active trust 

catalyst. Conversely, both AI challenges and 

opportunities significantly shaped consumer perceptions, 

indicating that consumers reward organizations that 

proactively manage risks while delivering tangible 

benefits. The structural model explained over 70% of the 

variance in attitudes and 61% in trust, underscoring its 

predictive robustness and theoretical completeness. For 

brand managers, the findings emphasize that AI 

deployment must be strategically calibrated to preserve 
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relational authenticity. Organizations should prioritize 

training AI systems on brand-specific heritage data, 

maintaining human oversight for complex interactions, 

and communicating AI’s role in clear, benefit-oriented 

language. Transparency should be integrated into 

authenticity narratives rather than presented as isolated 

technical disclosures. Data governance frameworks must 

emphasize explicit consent, bias mitigation, and 

consumer control, particularly in emerging markets where 

digital literacy varies. Policymakers and industry 

regulators should develop proportionate AI governance 

standards that differentiate between high-risk applications 

(e.g., health-related recommendations) and low-risk 

personalization features, ensuring consumer protection 

without stifling innovation. Certifications for ethical AI 

use, algorithmic fairness audits, and standardized 

disclosure formats could further enhance market trust. 

This study’s cross-sectional design limits causal 

inference, and reliance on self-reported data introduces 

potential response biases. The single-case focus on a 

Libyan food manufacturer, while contextually valuable, 

restricts generalizability across industries and cultural 

settings. Future research should employ longitudinal 

designs to track perception evolution, integrate 

experimental methodologies to isolate transparency and 

authenticity effects, and conduct cross-cultural 

comparisons to examine how institutional trust and digital 

literacy moderate AI acceptance. Additionally, exploring 

AI-human collaboration models, neurophysiological 

response measurements, and regulatory impact 

assessments would deepen understanding of how AI 

branding evolves in dynamic, globally interconnected 

markets. Artificial intelligence is no longer an emerging 

technology; it is an embedded reality shaping how brands 

communicate, personalize, and scale. Yet, technological 

capability alone cannot sustain consumer relationships. 

Authenticity, ethical alignment, and culturally attuned 

deployment remain the foundational pillars of brand trust 

in an algorithmic era. Organizations that recognize AI as 

a relational actor rather than a computational tool will 

navigate the digital transformation successfully. By 

harmonizing innovation with integrity, brands can 

harness AI’s transformative potential while preserving 

the human-centric values that ultimately drive consumer 

loyalty and market resilience. 
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